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ORIGINAL

ABSTRACT
Introduction: Artificial intelligence is increasingly applied to implant dentistry and prosthodontics, but the volume and structure of this 
literature have not been mapped. Methods: A bibliometric analysis of the Scopus-indexed literature was performed using a TITLE-ABS-
KEY query combining artificial intelligence, machine learning, and deep learning terms with dental implant and prosthodontic terms, 
restricted to 2018-2026. Results: The query retrieved 1,115 documents published between 2018 and 2026 across 430 sources and 72 countries. 
Annual production grew from 9 documents in 2018 to 432 in 2026 (an annual growth rate of 62.2%), and the corpus accumulated 14,314 
citations (mean 12.8; h-index 55), with 34.5% of documents uncited. Conclusions: The field grew steadily from 2018 and accelerated after 
2023, was led by China, India, and the United States, and concentrated in prosthetic and implant dentistry journals.
Keywords: bibliometrics; artificial intelligence; dental implants; prosthodontics; Scopus.

RESUMEN
Introducción: La inteligencia artificial se aplica cada vez más a la implantología y la prostodoncia, pero el volumen y la estructura de esta 
literatura no se han cartografiado. Métodos: Se realizó un análisis bibliométrico de la literatura indexada en Scopus mediante una con-
sulta TITLE-ABS-KEY que combinaba términos de inteligencia artificial, aprendizaje automático y aprendizaje profundo con términos de 
implantes dentales y prostodoncia, restringida a 2018-2026. Resultados: La consulta recuperó 1 115 documentos publicados entre 2018 y 
2026 en 430 fuentes y 72 países. La producción anual creció de 9 documentos en 2018 a 432 en 2026 (tasa de crecimiento anual del 62,2 
%), y el corpus acumuló 14 314 citas (media 12,8; índice h 55), con un 34,5 % de documentos sin citar. Conclusiones: El campo creció de 
forma sostenida desde 2018 y se aceleró después de 2023, estuvo liderado por China, India y Estados Unidos, y se concentró en revistas 
de prostodoncia e implantología.
Palabras clave: bibliometría; inteligencia artificial; implantes dentales; prostodoncia; Scopus.
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INTRODUCTION

Artificial intelligence has been applied across clinical dentistry for more than a decade, and 
its earliest dental applications were concentrated in the diagnostic and image-analysis tasks that 
convolutional neural networks perform well.(1,2) The umbrella reviews that now synthesize this 
literature describe a field that has matured from isolated proof-of-concept studies into a body of 
work spanning diagnosis, treatment planning, and prognosis, with a growing share directed at 
the restorative and surgical specialties.(3,4)

This maturation has been driven by the convergence of increasingly capable models, larger 
and more accessible imaging datasets, and a clinical need for standardized, reproducible decision 
support in procedures that are technically demanding and costly.

The economic stakes are substantial, because dental implant therapy is a high-volume, hi-
gh-cost procedure whose planning and follow-up involve repeated imaging and clinical judgment, 
and any tool that improves the consistency of those judgments has immediate value to practitio-
ners, payers, and patients alike.

The global volume of implant placement, measured in the tens of millions of new fixtures 
placed annually worldwide, provides a scale of demand that has attracted sustained research 
investment, and the long follow-up required to assess implant outcomes has made predictive 
modeling a natural complement to clinical follow-up. The confluence of these factors together 
explains why implant dentistry, rather than a less standardized area of dentistry, has attracted a 
disproportionate share of artificial-intelligence research effort.

Within this broader field, implant dentistry and prosthodontics have received particular at-
tention because they involve precisely quantifiable outcomes, such as implant survival, marginal 
bone loss, and prosthetic fit, that are well suited to machine-learning prediction.(5,6) The subspe-
cialty also benefits from a rich radiographic record, since implant planning and follow-up generate 
large volumes of two-dimensional and three-dimensional imaging that can be mined for model 
development, and from well-defined clinical workflows that make the translation of a model into 
a decision-support tool comparatively direct.(7,8)

The standardized nature of implant therapy, in which the same steps of planning, placement, 
restoration, and follow-up are repeated across successive patients, provides a structure that is es-
pecially amenable to automation and to the definition of clearly labeled outcomes for supervised 
learning, and this standardization is itself one reason why the field’s data are more tractable than 
those of less structured areas of dentistry. As a result, implant dentistry has become one of the 
most active sites of artificial-intelligence research in the dental field, and its literature now spans 
detection, classification, planning, and prognosis.

The state of knowledge is now substantial. Reviews have documented applications that range 
from automated detection of dental implants on radiographs and classification of implant systems 
to computer-assisted surgical planning and the prediction of implant failure.(7,9,10)

The accuracy of these systems has been evaluated against clinician benchmarks in several 
domains, with studies reporting that artificial-intelligence-assisted implant planning and radio-
graphic quantification can approach expert performance while remaining heterogeneous in me-
thodology and reporting.(11-13)

Treatment-planning support, in which models optimize implant selection and position, has 
been a particular focus, and comparative evaluations have begun to test the ability of both speciali-
zed and general-purpose models to support these decisions.(14,15) Prognostic models that predict 
implant failure and peri-implant bone loss have likewise accumulated a substantial evidence base.
(16,17) Yet the field’s own research output has not been systematically measured, and its volume, 
growth, and geographic structure remain undescribed.

The gap is bibliometric. Earlier bibliometric studies have mapped highly cited implant re-
search and the prosthodontic literature over decades, describing the most productive authors, 
institutions, and topics of those broader fields.(18,19)

Single-topic analyses have described specific techniques, such as the socket shield proce-
dure, using artificial-intelligence-assisted bibliometric methods, and bibliometric treatments of 
artificial intelligence in dentistry have touched on implant and prosthodontic applications as one 
theme among many.(3,20)

However, no study has yet quantified the combined artificial-intelligence literature of implant 
dentistry and prosthodontics in a single Scopus-defined corpus with a fixed extraction date, which 
is what would allow its growth trajectory, contributing sources, countries, and citation structure 
to be characterized precisely and reproducibly. Such a mapping is needed because the field has 
grown to a size at which narrative reviews can no longer enumerate its contents, and a quantitative 
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description is required to guide synthesis and to identify where the evidence is concentrated. The 
objective of this study was to characterize the Scopus-indexed literature on artificial intelligence 
in implant dentistry and prosthodontics between 2018 and 2026 by quantifying its annual produc-
tion and growth, identifying its leading sources and countries, and describing its citation impact.

METHODS

Study design
A bibliometric analysis was performed on a Scopus-only corpus, following the recommen-

dation that bibliometric studies restrict retrieval to a single database to avoid double-counting 
and to permit reproducibility. The single-database restriction means that the results describe the 
Scopus-indexed literature specifically rather than the totality of published work on the topic, and 
it is a deliberate trade-off that favors reproducibility over completeness.

The study was observational, retrospective, and descriptive, and no human participants or 
patient records were involved, so no ethical approval was required. The unit of analysis was the 
individual indexed document, and all indicators were computed at the corpus level rather than at 
the level of individual authors or institutions, which avoids the interpretive problems associated 
with whole-counting authorship and with attributing documents to the many co-authors of large 
collaborative studies. This corpus-level approach is appropriate for a study whose aim is to describe 
a field’s output rather than to rank the individual researchers or institutions within it.

Search strategy
The Scopus search interface was queried with the expression TITLE-ABS-KEY((“artificial inte-

lligence” OR “machine learning” OR “deep learning”) AND (“dental implant” OR prosthodont OR 
“dental prosthes”)) AND PUBYEAR > 2017 AND PUBYEAR < 2027. The artificial-intelligence terms 
were joined by OR within one clause, the implant and prosthodontic terms were joined by OR within 
a second clause, and the two clauses were combined with AND and applied to the title, abstract, 
and keyword fields. The three artificial-intelligence terms were chosen to capture the field’s evolving 
terminology, from the early use of “machine learning” and “deep learning” through to the broader 
“artificial intelligence” umbrella, and their union ensures that the corpus is not biased toward any 
single generation of methods. The publication-year clause restricted the window to 2018 through 
2026, matching the study window, and the absence of a document-type or language restriction 
was deliberate, because the objective was to map the whole literature rather than a filtered subset.

The wildcard in “dental implant” captured the singular and plural forms, and the prostho-
dontic and dental prosthesis terms ensured that both the specialty and its clinical products were 
covered, so that a study of implant-supported prostheses was retrieved whether it used the term 
“implant”, “prosthodontic”, or “dental prosthesis”.

The search returned 1,115 unique documents after one duplicate identified by electronic iden-
tifier was removed. The deduplication step compared electronic identifiers across records and 
retained the first occurrence of any identifier that appeared more than once. All document types 
returned by the query were retained, including articles, reviews, conference papers, and editorials, 
and no language restriction was applied, so that non-English implant and prosthodontic literature 
was not systematically excluded.

Data analysis
The export was read into Python 3.11 and analyzed with pandas. Annual production was ta-

bulated by year of publication, and the compound annual growth rate was computed from the 
first and last years with nonzero production using the geometric-mean formula, supplemented by 
year-over-year percentage changes so that both the average trajectory and the recent deceleration 
or acceleration could be described.

The year-over-year percentages were computed for each pair of consecutive years and re-
ported where they marked a change in trajectory, because a single compound rate can obscure 
an inflection point in the growth curve.

The leading sources and countries were ranked by document count, with countries extracted 
from the affiliation field of each record by taking the country token of each listed affiliation and 
aggregating across the corpus, so that a document with authors from multiple countries contri-
buted to each of those countries, a whole-counting convention that is standard in bibliometric 
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country analysis and is transparent even though it slightly favors countries that participate in large 
international collaborations.

Citation impact was summarized by the total number of citations, the mean and median 
citations per document, the proportion of uncited documents, and the h-index of the corpus, 
defined as the largest number of documents that each received at least that number of citations.

The median was reported alongside the mean because citation distributions are heavily 
right-skewed, and the mean alone would overstate the citation count of a typical document. Au-
thor keywords and cited references were not present in the export, so keyword co-occurrence and 
co-citation analyses were not performed, and this limitation is reported in the Discussion.

The indicators are descriptive, and no inferential statistics were required, because the aim 
was to characterize the corpus rather than to test hypotheses, and the study makes no claim about 
the statistical significance of differences between groups or over time. The choice of the geome-
tric mean for the compound growth rate, rather than a linear trend fit, reflects the multiplicative 
character of research growth, in which each year’s output is a multiple of the previous year’s rather 
than a fixed increment, and the year-over-year percentages were reported precisely so that the 
reader can reconstruct the trajectory from the tabulated annual counts.

RESULTS 
Annual production and growth

A total of 1,115 documents were published between 2,018 and 2,026, and production rose in 
every year of the window (Table 1). The corpus began with 9 documents in 2018 and reached 432 
documents in 2026, a compound annual growth rate of 62.2% over the period (Figure 1). Production 
was 10 in 2019, 21 in 2020, 40 in 2021, 59 in 2022, and 81 in 2023, which shows that the field grew 
steadily through its first five years before the inflection that followed.

The year-over-year increases during this early phase ranged from 11.1% between 2018 and 
2019 to 110.0% between 2019 and 2020, and the field doubled in size roughly every two years, a pace 
consistent with a slowly maturing research front rather than a sudden breakthrough. The later 
phase was markedly faster, with increases of 109.9% from 2023 to 2024 and 72.4% from 2024 to 2025, 
and the most recent year’s increase of 47.4% suggests that the acceleration may be beginning to 
moderate somewhat even as the absolute annual volume continues to grow.

The most rapid year-over-year acceleration was observed from 2023 to 2024, when produc-
tion climbed from 81 to 170 documents, a 109.9% increase, and the largest absolute increment 
was recorded from 2025 to 2026, when 139 additional documents were added. The growth curve 
therefore had two phases, a slow early phase through 2022 and an accelerated phase from 2023 
onward, and the 2026 output alone accounted for more than one third of the entire corpus.

The early phase corresponded to a period in which the field was dominated by a small num-
ber of research groups publishing methodological studies, whereas the later phase corresponds to 
broader adoption, in which the availability of pretrained models and commercial software allowed 
many more centers to contribute descriptive and validation studies without developing their own 
models from scratch. The smallest annual increment was observed in the earliest year of the win-
dow, when production rose by just a single document, from 9 in 2018 to 10 in 2019.

Table 1. Annual production of documents on artificial intelligence in implant dentistry and 
prosthodontics.

Year Documents

2018 9

2019 10

2020 21

2021 40

2022 59

2023 81

2024 170

2025 293

2026 432
Source: Scopus
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Figure 1. Annual production of documents on artificial intelligence in implant dentistry and 
prosthodontics.

Source: Scopus.

Sources and countries
The literature was distributed across 430 distinct sources, and the leading source was the 

Journal of Prosthetic Dentistry with 91 documents, followed by the Journal of Dentistry with 66 
and BMC Oral Health with 40 (Table 2).

The prosthetic and implant specialty journals were prominent among the top sources, with 
the Journal of Prosthodontics contributing 22 documents and Clinical Oral Implants Research 
contributing 16, which reflects the clinical orientation of the field rather than a predominantly 
engineering or computational one.

The distribution across 430 sources means that the average source contributed fewer than 
three documents, and the three leading sources together accounted for 197 documents, only 17.7% 
of the corpus, which indicates that the field was dispersed rather than concentrated in a small 
number of journals.

This dispersion is a feature of a field whose output is spread across specialist prosthetic 
journals, general dental journals, and also imaging and engineering venues, and it implies that 
any evidence synthesis must search broadly rather than relying on a small set of core journals, a 

consideration that is directly relevant to the design of future systematic reviews in the area.
The presence of general dental and open-access journals such as Scientific Reports, Diag-

nostics, and Applied Sciences among the top ten reflects the fact that a share of the output is 
published outside the prosthetic specialty, while the Chinese Journal of Stomatology, with 17 do-
cuments, indicates a substantial non-English component. The remaining sources in the top ten, 
including the International Dental Journal and the Journal of Prosthodontics, complete a profile in 
which the specialty’s core journals coexist with a broader set of general and imaging venues, and 
no single journal accounted for more than 8.2% of the corpus. This balanced distribution is unlike 
the pattern in the generative artificial-intelligence literature of dentistry, where a single open-ac-
cess journal dominated, and it reflects the more established publication ecosystem of the implant 
and prosthodontic specialties.

The 72 contributing countries were led by China with 192 documents, India with 134, and the 
United States with 115, followed by Turkey with 78 and South Korea with 59 (Table 3). Saudi Arabia, 
Italy, Germany, Iran, and Japan completed the top ten with 54, 36, 33, 29, and 29 documents, res-
pectively, and the smallest contribution among the top ten was 29 documents from Iran and Japan.

The top three countries together accounted for 441 documents, or 39.6% of the corpus, which 
indicates a moderate concentration of output in the leading countries, and the presence of four 
Asian countries among the top five reflects the geographic center of gravity of the field in East 
and South Asia.

This geographic pattern is consistent with the broader bibliometric literature on dental artifi-
cial intelligence, which has repeatedly found China and India among the most productive countries, 
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and it reflects both the size of those countries’ research workforces and the strength of their dental 
and engineering research infrastructure. The distribution of countries across 72 distinct contributors 
means that a long tail of countries contributed only small numbers of documents each, a pattern 
that is consistent with a field whose participation is broad but whose volume is concentrated.

Table 2. Top 10 sources by number of documents.

Source Documents

Journal of Prosthetic Dentistry 91

Journal of Dentistry 66

BMC Oral Health 40

Scientific Reports 24

Journal of Prosthodontics 22

Diagnostics 20

Applied Sciences Switzerland 18

Chinese Journal of Stomatology 17

Clinical Oral Implants Research 16

International Dental Journal 15

Note: BMC = BioMed Central. Source: Scopus

Citation impact
Citation impact was substantial and unevenly distributed. The corpus accumulated 14,314 

citations, a mean of 12.84 and a median of 2 citations per document, and an h-index of 55, while 
34.50% of documents remained uncited. The distribution was right-skewed, with 340 documents 
receiving ten or more citations, 71 receiving fifty or more, and 24 reaching one hundred, while the 
most-cited single document accumulated 251 citations.

Table 3. Top 10 countries by number of documents.

Country Documents

China 192

India 134

United States 115

Turkey 78

South Korea 59

Saudi Arabia 54

Italy 36

Germany 33

Iran 29

Japan 29

Source: Scopus

The mean exceeded the median by a factor of six, which confirms that a small minority of 
highly cited documents carried the citation load while the typical document attracted little at-
tention, and the h-index of 55 indicates that 55 documents had each been cited at least 55 times.

The citation profile is consistent with a field in which early methodological contributions and 
high-profile reviews serve as the shared reference points for a much larger body of derivative work, 
and it implies that the field’s knowledge is organized around a relatively small canon of foundational 
papers that subsequent studies cite as their points of departure for further work. The most-cited 
single document, with 251 citations, and the 24 documents that reached one hundred citations 
together constitute this canon, and their concentration at the very top of the citation distribution 
mirrors the pattern observed in the broader dental artificial-intelligence literature, in which a small 
set of review and methodological papers dominate the citation record.
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The proportion of uncited documents, at 34.5%, was lower than that observed in younger 
fields, which is consistent with a literature that has had several years in which to accumulate ci-
tations, and it indicates that roughly two thirds of the corpus had entered the citation network at 
the time of extraction. This is a meaningful difference from the generative artificial-intelligence 
literature of dentistry, in which nearly half of documents remained uncited, and it reflects both 
the greater age of the implant and prosthodontic field and its stronger integration into a cumu-
lative research tradition in which later studies cite earlier ones. The smallest secondary datum of 
the citation profile was the median of 2 citation per document, which indicates that the typical 
document in this literature had been cited only twice.

DISCUSSION

The principal finding is that the artificial-intelligence literature of implant dentistry and pros-
thodontics grew steadily from 2018 and accelerated sharply after 2023, reaching 1,115 documents by 
2026 with an annual growth rate of 62.2%. This trajectory differs from the pattern observed in the 
generative artificial-intelligence literature of dentistry, which began only in 2022 and grew more 
explosively, and it reflects the fact that implant and prosthodontic applications were among the 
earliest targets of dental machine learning, so that the field had already established a baseline of 
research before the recent surge.

The two-phase growth, with a slow early period through 2022 followed by an inflection after 
2023, corresponds to the transition from a small number of proof-of-concept studies to a broader 
research front, and the inflection coincides with the wider adoption of deep-learning tooling and 
the entry of large language models into the dental literature. The finding was consistent with the 
reviews that describe implant dentistry as one of the most mature domains of dental artificial 
intelligence.(5,9)

The two-phase growth is also consistent with the broader bibliometric observation that den-
tal artificial intelligence as a whole experienced a marked acceleration in the early 2020s, and it 
situates the implant and prosthodontic literature as one of the leading subspecialties within that 
larger wave.(3,18)

The source and country pattern was likewise consistent with the clinical orientation of the 
field. In contrast to the generative literature, in which open-access megajournals and education 
journals dominated, the leading sources here were the Journal of Prosthetic Dentistry and the 
Journal of Dentistry, both established clinical journals, and the presence of Clinical Oral Implants 
Research and the Journal of Prosthodontics among the top ten reflects the subspecialty’s core 
venues.(6,10)

The concentration of the field in clinical prosthetic and implant journals, rather than in com-
puter-science or imaging venues, indicates that the research is being produced and consumed 
primarily by clinicians and prosthodontists, which is a favorable condition for translation because 
the findings are published where practitioners will read them. Similarly, the country ranking, led 
by China, India, and the United States, matches the distribution reported in earlier bibliometric 
studies of dental implant research and of artificial intelligence in dentistry generally, in which the 
same three countries typically lead.(3,18)

The prominence of India and Turkey, which outranked several Western European countries, 
was observed in the broader dental artificial-intelligence literature as well and reflects the high 
volume of descriptive evaluation studies from those settings.(2)The strong position of South Korea, 
a major center of implant manufacturing and digital dentistry, is consistent with the industrial and 
technological infrastructure that drives much of the field’s innovation.

In turn, the comparison with the generative artificial-intelligence literature of dentistry is 
instructive, because that younger field is led by Turkey and concentrated in education journals, 
whereas this field is led by China and concentrated in clinical prosthetic journals, a difference that 
reflects the two fields’ different origins: the implant literature grew out of a clinical and industrial 
need for better diagnosis and planning, whereas the generative literature grew out of a consu-
mer-facing technology whose first dental applications were educational and communicative.

The mechanisms underlying the growth are identifiable in the content of the literature it-
self. The earliest studies were dominated by radiographic detection and classification tasks, which 
required the availability of public or institutional datasets and which were therefore concentrated 
in a small number of centers; the later expansion coincided with the publication of standardized 
datasets and the development of commercial planning software, which lowered the barrier to 
entry.(21,22)
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The application of artificial intelligence to implant survival and peri-implant disease prediction 
added a prognostic dimension that further broadened the field,(16,17,23)and the recent introduc-
tion of large language models into treatment planning and patient communication introduced 
a second, faster-growing strand within the same corpus.(15,24) The robotics and digital-workflow 
literature, though smaller, represents a third strand that connects the field to the wider engineering 
of surgical and restorative systems.(25,26)

The successive waves of detection, planning, prognosis, and generative tools are therefore 
not competing directions but sequential layers of a single field, each building on the data infras-
tructure and evaluation habits established by the one before, which explains both the sustained 
growth and the increasing breadth of applications documented in the reviews.

The clinical validation studies that have begun to appear represent a further step toward 
maturity, because they test whether models developed in one setting retain their performance 
in another, and their emergence signals that the field is beginning to close the gap between 
development and deployment that has characterized earlier stages of dental artificial intelligen-
ce.(27,28) The ethical and legal analyses that have accompanied these technical developments, 
addressing accountability and oversight, are a further sign that the field is maturing beyond its 
technical origins.(4)

Taken together, these strands indicate that the implant and prosthodontic literature is not 
merely accumulating more studies but is moving along the translational pathway from method 
development through validation to the governance questions that accompany clinical use, a tra-
jectory that the bibliometric indicators can describe in volume but whose qualitative direction 
must be read from the content of the studies themselves.

The study has several strengths that support its interpretation. The corpus was retrieved from 
a single database with a fixed, reproducible query and a documented extraction date, which makes 
the study transparent and repeatable, and the deduplication and whole-counting conventions are 
standard in bibliometric work.

The combination of annual, source, country, and citation indicators provides a multi-dimen-
sional description of the field that goes beyond a simple document count, and the absence of any 
author-level ranking avoids the interpretive problems that attend to attributing multi-author do-
cuments to individuals. These strengths, together with the explicit statement of limitations below, 
frame the conclusions that follow.

The study has limitations that follow from its design, and each suggests a remedy. The query 
combined artificial-intelligence terms with implant and prosthodontic terms, but the boundary 
between these specialties and adjacent fields such as periodontology is not sharp, so some peri-im-
plant literature may have been captured while some relevant prosthodontic work may have been 
missed; a sensitivity analysis with alternative query formulations would bound this uncertainty.

The export did not include author keywords or cited references, so the thematic and co-ci-
tation structure of the field could not be analyzed, which limits the study to volume, geography, 
and citation rather than intellectual organization, and a dedicated export with the complete view 
would enable those network analyses. The citation metrics are biased downward for the most recent 
documents, so the reported h-index and mean understate the eventual impact of the 2024-2026 
cohort, and the 34.5% of uncited documents overstates the share of work that will remain uncited.

The absence of author keywords and cited references further means that the study cannot 
distinguish the thematic subfields, such as detection versus planning versus prognosis, from one 
another quantitatively, even though the qualitative reviews indicate that these subfields have 
different evidence profiles. Finally, the study is confined to Scopus, and documents indexed only 
in other databases were not captured, which may under-represent some regional journals and 
non-English-language literature despite the absence of a language restriction in the query.

The practical implication is that implant dentistry and prosthodontics now have a sufficiently 
large and mature artificial-intelligence literature to support evidence synthesis and clinical transla-
tion. The concentration of output in clinical journals, the steady rather than explosive growth, and 
the substantial h-index all indicate a field that is consolidating rather than merely expanding, and 
the next step is to move from descriptive evaluation to the validation and implementation studies 
that the systematic reviews have called for.(11,27,29)

The recommendations that follow from this description are specific: authors should adopt 
standardized reporting for model development and validation, editors should require subgroup 
and external validation before publishing diagnostic claims, and the field should prioritize the re-
plication of the most-cited findings rather than the production of further single-center accuracy 
studies.(28,30)

For the implant and prosthodontic community specifically, these recommendations translate 
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into a small set of concrete practices: deposit model code and, where possible, weights and data-
sets; report the population and imaging protocol on which a model was developed; and validate 
against an independent sample before claiming clinical utility. Because the field’s infrastructure, 
in the form of journals, datasets, and industrial partners, is already in place, these practices can be 
adopted without new institutions.

Because the field’s leading journals are read by practicing prosthodontists and implant sur-
geons, the translation from bibliometric growth to clinical uptake can occur within the existing 
publication ecosystem, provided that the reporting and validation standards are raised in the 
same venues where the volume is concentrated. The field’s steady, rather than explosive, growth 
further suggests that it has the institutional foundations, in the form of established journals, trai-
ning programs, and long-standing industrial partnerships, to absorb and regulate new methods 
as they appear, which is a favorable condition for the responsible and orderly adoption of artificial 
intelligence in clinical implant dentistry.

The presence of a substantial non-English component, represented by the Chinese Journal of 
Stomatology among the leading sources, also indicates that the field’s knowledge is not confined 
to English-language venues, and that future syntheses should account for the Chinese-language 
literature, which a Scopus-based but language-unrestricted search can partially capture.

CONCLUSIONS

The artificial-intelligence literature of implant dentistry and prosthodontics grew steadily 
from 9 documents in 2018 to reach a final total of 1,115 documents by 2026, at an annual growth 
rate of 62.2% over the whole period. The field was led by China, India, and the United States and was 
concentrated in prosthetic and implant dentistry journals, with a citation impact that was subs-
tantial but unevenly distributed across a small canon of foundational papers. The field’s two-phase 
growth, with a slow early period through 2022 and an acceleration after 2023, marks its transition 
from a specialist methodology to a broad research front, and the field has by now reached a stage 
of consolidation that supports evidence synthesis and clinical translation, with validation and go-
vernance questions now accompanying its technical development rather than lagging behind it.
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