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ABSTRACT
The one-person company, a firm in which a single founder is supported by artificial intelligence rather than by employees, depends on 
a specific technical claim, that a collection of autonomous agents can perform the work of a workforce. This narrative review synthesizes 
the architectures, the business functions and the failure modes of multi-agent artificial intelligence systems to assess that claim. The 
synthesis finds that multi-agent systems have moved from single large language models to orchestrated collections of specialized 
agents, that these collections now perform bounded business functions such as process automation, procurement, marketing and 
workflow orchestration, and that their failure modes, error propagation, collusion, security gaps and a missing oversight regime, bound 
the reliance that a founder can place on them. The review concludes that the multi-agent workforce is a real and rapidly maturing 
technical substrate, that its business functions are demonstrated for bounded workflows rather than for open-ended judgment, and 
that the solopreneur who adopts it inherits a set of oversight obligations that the technology does not discharge.
Keywords: multi-agent systems; agentic artificial intelligence; large language model agents; one-person company; autonomous 
business operations; orchestration

RESUMEN
La empresa unipersonal, una firma en la que un único fundador se apoya en la inteligencia artificial en lugar de en empleados, depende 
de una afirmación técnica concreta, que un conjunto de agentes autónomos puede realizar el trabajo de una plantilla. Esta revisión 
narrativa sintetiza las arquitecturas, las funciones de negocio y los modos de fallo de los sistemas multiagente de inteligencia artificial 
para evaluar esa afirmación. La síntesis encuentra que los sistemas multiagente han pasado de modelos de lenguaje únicos a colecciones 
orquestadas de agentes especializados, que esas colecciones realizan ya funciones de negocio acotadas como la automatización de 
procesos, las compras, el marketing y la orquestación de flujos de trabajo, y que sus modos de fallo, la propagación de errores, la 
colusión, las brechas de seguridad y un régimen de supervisión ausente, limitan la confianza que un fundador puede depositar en 
ellos. La revisión concluye que la plantilla multiagente es un sustrato técnico real y que madura con rapidez, que sus funciones de 
negocio están demostradas para flujos acotados y no para el juicio abierto, y que el solopreneur que la adopta hereda un conjunto de 
obligaciones de supervisión que la tecnología no descarga.
Palabras clave: sistemas multiagente; inteligencia artificial agéntica; agentes de modelos de lenguaje; empresa unipersonal; 
operaciones autónomas de negocio; orquestación
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INTRODUCTION

The one-person company, a firm in which a single founder is supported by artificial 
intelligence rather than by a payroll, rests on a technical claim that has only recently become 
testable, that a collection of autonomous software agents can perform the work that employees, 
managers and contractors once performed. The claim has moved from the margins to the 
mainstream of research in a short period, and the growth is measurable, with the survey and 
framework literature on large language model agents expanding from a handful of definitions 
in 2023 to a large body of surveys, benchmarks and deployment studies by 2026.(1,2) The term 
used throughout this chapter is the multi-agent system, defined as a set of large language 
model agents that decompose a goal into roles, messages and actions and coordinate among 
themselves to complete it, and the alternative names of the one-person company, solopreneur 
and super-individual are retained as keywords. The scale of the shift is reflected in the taxonomy, 
which moved from a single autonomous agent to a spectrum of single-agent, multi-agent and 
orchestrated systems in the space of three years, and the taxonomies that order the field are 
themselves a measure of how fast it grew.(1,3) The workforce claim is therefore no longer futuristic 
but present, and the question it raises is no longer whether the agents exist but whether they 
can be trusted, which is the question the failure-mode literature addresses and the one-person 
company cannot avoid. The chapter therefore treats the multi-agent system as a hypothesis 
about a workforce, and it tests the hypothesis against the three bodies of evidence rather than 
against the claim that the practitioner commentary makes.

The state of the art is no longer a single model answering a prompt but a division of labour, 
in which specialized agents assume the roles of a software engineer, a marketer, a procurement 
officer or a controller and exchange messages through an orchestration layer.(4,5) The architectures 
that support this division have been classified and compared, and the comparison shows a 
common core of role assignment, shared memory and message passing beneath a diversity 
of coordination schemes, from debate to role-playing to centralized orchestration.(1,6) The 
business applications have followed the architectures, and the evidence now reports agentic 
systems performing process automation, marketing, procurement and workflow orchestration 
in small and medium enterprises, with the bibliometric evidence mapping a pattern of rapid 
growth concentrated in that segment.(7,8) The safety and oversight questions have followed the 
applications, with a parallel literature documenting error propagation, collusion, security gaps 
and the absence of a settled evaluation regime, and the critical assessments conclude that the 
capability is real and the oversight is lagging.(9,10) The transition from the single model to the multi-
agent system was reported as the decisive step, because the single model answers and the multi-
agent system acts, and the difference between answering and acting is the difference between a 
tool and a workforce.(1,4)

The gap is a synthesis that treats the multi-agent system specifically as the workforce of the 
one-person company, and that joins the architecture, the business function and the failure mode 
into a single assessment of the solopreneur’s claim. The existing surveys cover the architectures, 
the enterprise studies cover the business functions, and the safety studies cover the failure modes, 
but the three literatures have not been read together against the question that the one-person 
company poses, which is whether a founder can rely on agents as a workforce rather than as 
a tool. The gap is consequential because the one-person company is presented in practitioner 
commentary as a near-term outcome, and a founder or a funder who accepts that presentation 
without the failure-mode evidence accepts a claim that the literature does not yet support. The 
three literatures each answer part of the question, and none answers the whole of it, because 
the architect does not measure the business function, the business study does not measure the 
failure, and the safety study does not measure the firm.

The objective of this review is to synthesize the architectures, the business functions and 
the failure modes of multi-agent artificial intelligence systems as the workforce of the one-person 
company, and to delimit the conditions under which that workforce is a reliable substitute for a 
payroll. The chapter asks a single question, whether the multi-agent system is a workforce or a set 
of tools wearing the name of a workforce, and the answer is assembled from the three literatures 
rather than asserted from one. The answer is expected to be conditional rather than categorical, 
because the evidence reviewed below shows a substrate that is real at one margin and absent at 
another.
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DEVELOPMENT 
 
MULTI-AGENT ARCHITECTURES AND THE DIVISION OF LABOUR

The first result concerns the architecture of the multi-agent system, and the main datum 
is that the field has standardized on a division of labour in which specialized agents, not a single 
model, carry the work. It was observed across the survey literature that a multi-agent system 
decomposes a goal into roles, assigns each role an agent with its own memory and instruction, 
and coordinates the agents through message passing, and this decomposition was reported as 
the defining feature that distinguishes a multi-agent system from a single large language model.
(1,4) The number of coordination schemes was found to exceed the number of shared primitives, 
with debate, role-playing, centralized orchestration and consensus all resting on the same three 
primitives of roles, memory and messages.(2,6) The architecture surveys reported that the field 
had reached a degree of standardization sufficient to support comparison, with the deployment 
of agents classified by their autonomy, their action space and their memory, and the lifecycle 
survey added a graph augmentation that places the workflow, not the model, at the centre of the 
system.(5,11) The role of the persona was recorded as a further architectural variable, with cognitive 
personality priors shaping how an agent reasons about a task, and the recursive self-improvement 
literature reported that agents can be composed into pipelines that improve their own prompts, 
a capability that amplifies both the power and the risk of the architecture.(3,12) The self-improving 
pipeline was therefore reported as the point where the architecture leaves the category of a 
fixed tool and enters the category of a changing workforce, because a tool that rewrites its own 
instructions is a tool whose behaviour the founder can no longer fully specify in advance.

In turn, the coordination of agents in dynamic environments was found to require adaptive 
role allocation rather than a fixed assignment, because the environment changes the task faster 
than a static role can follow it, and the token efficiency of that allocation was improved by a 
dynamic role-allocation mediator.(13,14) The same architectural principles were observed in adjacent 
literatures, in multi-robot coordination and in logistics, where the division of labour among 
agents followed the same logic of roles and messages, and the multi-robot survey confirmed 
that task allocation, not the individual capability, is the binding constraint of the system.(15-17) 
The architecture was also found to admit a state-aware coordinator for program repair, a mesh 
protocol for multi-context ecosystems, and a cognitive orchestration for patent intelligence, 
which together show that the division of labour scales beyond a single domain and into the 
knowledge work of the firm.(18-20) The smallest of the secondary results was that tool sharing 
among agents, the concurrent access to the same instruments, was the least standardized aspect 
of the architecture, with consistency and access coordination still open, and it was this, not the 
coordination schemes, that remained unresolved at the close of the review (Figure 1; Table 1).

The coordination schemes themselves were found to carry a measurable trade-off. Debate 
among agents improved the accuracy of a joint answer at the cost of more tokens and more time, 
while a single orchestrator with a fixed plan was cheaper but less robust to a surprise in the task.
(6,14) The choice between the two was reported as a function of the task rather than as a property of 
the system, with the dynamic allocation of roles closing part of the gap between the two extremes.
(13) The lifecycle survey framed the same trade-off as a workflow question, because the graph 
that connects the agents, not the model that each agent runs, determines how much the system 
spends to reach an answer.(4) The mesh protocol reported a further complication, because the 
agents in a complex ecosystem must also agree on the context they share, and the context, rather 
than the task, was found to be the source of the most persistent coordination failures.(19) The state-
aware coordinator reported that the program-repair domain tolerates a fixed plan well, because 
the goal is known in advance, and this is the domain where the multi-agent system was closest 
to a drop-in workforce.(18) The patent-intelligence orchestration reported the opposite, because 
the goal there is open and the orchestration must adapt to the document rather than to a plan, 
and the two domains together mark the ends of the coordination spectrum.(20) The spectrum, 
not the average, is the datum that matters for the one-person company, because the founder’s 
tasks span both ends. The consensus scheme added a further datum, because consensus among 
agents raised the reliability of a decision at the cost of requiring the agents to share a common 
representation, and the absence of that shared representation was reported as the point where 
the consensus scheme breaks, so the scheme is robust only where the agents already agree on 
the world.(6)
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Table 1. Architectural elements of multi-agent systems and their standardization.
Architectural element Reported status Representative studies

Role assignment and memory Standardized (1,4)

Message passing and coordination Multiple schemes on shared primitives (2,6)

Personas and self-improvement Emerging, amplifies risk (3,12)

Dynamic role allocation Required in dynamic settings (13,14)

Tool sharing and access Least standardized (19,21)

Note: Coordination schemes rest on the shared primitives of roles, memory and messages.

BUSINESS FUNCTIONS PERFORMED BY AGENTS

The second result concerns the business functions, and the main datum is that multi-agent 
systems now perform the bounded functions that constitute a firm’s back office, while the open-
ended judgment functions remain with the founder. It was observed in the enterprise literature 
that agentic business process management had become a research program in its own right, 
with a manifesto that treats the agent as the new unit of process execution, and the bibliometric 
evidence mapped the research on agentic artificial intelligence in small and medium enterprises 
and found a pattern of rapid growth concentrated in process automation.(7,8) The functions that 
were recorded as performed included marketing decision-making with auditable steps, vendor 
evaluation with risk-aware scoring, and workflow automation in cloud and enterprise resource 
planning environments, each reported with the caveat that the workflow was bounded and 
auditable.(22-24) The comparison of agentic automation against robotic process automation was 
found to favour the agent for tasks that require language understanding and to favour robotic 
process automation for deterministic tasks, a result that locates the agent’s advantage precisely 
in the semi-structured middle of the back office.(25)

Similarly, a five-pillar framework for conversational enterprise management reported 
that the agent can coordinate across finance, human resources and procurement, and the 
integration of agentic systems into micro, small and medium enterprises was reported with the 
recurring constraint that the deployment is gated by the process, not by the model.(26,27) A human-
centred entrepreneurship framework extended the same logic to the founding process of the 
solopreneur, and the coordination of agents for manufacturing task allocation under constraints 
was found to be a solved subproblem, with the constraint handled by the orchestration rather 
than by the model.(28,29) The automation of the labour market and of the back office was reported 
as an emerging application, with the agentic system described as a workforce for dynamic labour 
markets rather than as a static tool, and the integration of agentic systems into legacy enterprise 
systems was reported to require a mediation layer.(30,31) The human-in-the-loop evidence added 
that the process automation delivered by agents still requires a human to approve the exceptions, 
and the data-quality evidence added that the agent’s output is only as good as the data it acts 
on.(32,33) The smallest of the secondary results was that the industry applications were reported as 
frameworks in greater number than as measured outcomes, with the study of agentic artificial 
intelligence in industry finding more architectures than evaluations (Table 2).

The evidence on the functions is uneven across the back office, and the unevenness is 
itself a finding. The procurement and marketing functions were reported with the strongest 
audit trails, because the workflow there is a sequence of comparisons that a model performs 
well and a human can check.(22,23) The finance and human-resources functions were reported at 
the framework level, because the exception handling and the compliance judgment in those 
functions resist a fixed workflow.(26) The process-automation function was reported as the most 
mature, because it is the closest to the robotic process automation baseline against which it is 
benchmarked, and the benchmark shows that the agent’s advantage is real but bounded by 
the determinism of the task.(25,27) The founding function was reported as the least evidenced, 
because the human-centred entrepreneurship framework is a design and not yet a measured 
outcome, and the study of agentic artificial intelligence in industry confirmed that the founding 
and strategic judgments are where the architectures outnumber the evaluations.(28,34) The labour-
market automation evidence added a caution, because a workforce of agents that is deployed 
across a dynamic labour market is a different object from a back office that automates a fixed 
process, and the former is where the oversight question becomes acute.(30) The pattern across 
the functions is therefore a gradient from the deterministic to the judgment-laden, and the one-



Alfredo Javier Pérez Gamboa Superintelligence Series Volume 4: One Person Company: Artificial Intelligence, 
Autonomous Entrepreneurship and the Future of Business

https://doi.org/10.62486/978-9915-9966-3-9.Ch11
123

person company that leans on the gradient inherits its steepest part. The gradient is the practical 
reading of the evidence, because a founder who automates the deterministic end of the back 
office gains the demonstrated benefit, and a founder who delegates the judgment-laden end 
loses the benefit that the evidence has not yet shown.(25,28)

Table 2. Business functions performed by multi-agent systems and the strength of evidence.
Business function Evidence status Representative studies

Process and workflow automation Demonstrated, bounded (8,24)

Marketing and procurement Demonstrated with audit trails (22,23)

Enterprise coordination Framework-level, human-in-the-loop (26,32)

Founding and strategic judgment Least evidenced (28,34)

Note: Bounded workflows carry the strongest evidence; open-ended judgment is least evidenced.

FAILURE MODES AND BOUNDARY CONDITIONS

The third result concerns the failure modes, and the main datum is that the multi-agent 
system inherits the failure modes of the single model and adds new ones that arise from 
coordination itself. It was observed that the attribution of a failure in a multi-agent system is 
itself an open problem, because the error of one agent propagates through the messages to 
the others, and the intention-behavior consistency of the system was used to automate that 
attribution only in part.(35) The collaboration was found to fail in a specific and new way, through 
the persuasion of one agent by another, and the adversarial influence that results was reported 
as a failure mode that a single model does not exhibit.(36) The security literature recorded seven 
cross-domain challenges, from prompt injection to agent identity, and a security-by-design 
framework for bounded agentic systems in enterprise environments was proposed in response, 
with the vulnerability-management literature reporting the same gap between the capability 
and the governance of the agent.(37-39)

In contrast, the hallucination problem was found to be reduced, though not removed, 
by multi-agent collaboration, and a conditional-mutual-information method was reported to 
detect collusion among agents in financial decision systems, a failure mode that is specific to the 
coordination rather than to the model.(40,41) The evaluation and regulation of agentic systems were 
found to lack a settled benchmark and a settled regulatory regime, with the critical assessment 
concluding that the capability is real and the oversight is lagging, and the workshop on trustworthy 
agentic systems reported the same gap from the engineering side.(9,10,42) The autonomy of the 
agent was distinguished from its agency by continuity, and bounded autonomy with verifiable 
safety was proposed as the design principle that reconciles autonomy with oversight.(43,44) The 
adaptive human oversight literature added that the balance between autonomy and oversight is 
itself a design variable rather than a fixed point, and the constraint-based analysis concluded that 
agentic artificial intelligence will not fully replace enterprise software in the near term precisely 
because the oversight and integration costs remain.(45,46) The smallest of the secondary results was 
that the workshop and the framework for trustworthy agentic systems were reported in greater 
number than the measured longitudinal safety of a deployed system (Table 3).

The boundary conditions follow from the failure modes, and they delimit the solopreneur’s 
reliance in a specific way. The reliance is safe where the task is bounded, the output is auditable 
and the exception is caught by a human, and the reliance is unsafe where the task is open, 
the output is a judgment and the exception is silent.(44,45) The continuity distinction sharpens 
the bound, because an agent that acts with continuity across time is an agent whose errors 
accumulate, and the one-person company that runs such an agent is running a workforce whose 
mistakes compound.(43) The constraint-based analysis adds the economic bound, because the 
integration and oversight costs that the agent does not remove are the costs that a payroll used 
to hide, and the founder who replaces the payroll surfaces those costs onto a single person.
(46)The security challenges add the external bound, because a multi-agent system that spans 
domains exposes the founder to a threat surface that a single-domain tool does not, and the 
vulnerability-management literature reports that the governance of that surface is itself lagging 
the capability.(37,39) The trustworthy-agentic workshop adds the engineering bound, because the 
property of trustworthiness is a design target that must be specified before it is measured, and 
the specification is missing from most of the frameworks.(42) The boundary conditions therefore 
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convert the failure modes into a decision rule, and the rule is that the founder may rely on the 
agent for the task it can be checked on and may not rely on it for the task it cannot. The auditability 
of the output is the operational test of the rule, because a task whose output can be checked is a 
task that can be delegated, and a task whose output is a judgment is a task that cannot, and the 
boundary between the two is the boundary that the founder must draw for every agent that the 
system adds.(44,45)

Table 3. Failure modes of multi-agent systems and their mitigation.
Failure mode Mechanism Mitigation reported

Error propagation Message-passing amplifies one agent’s 
error Failure attribution(35)

Persuasion and collusion Adversarial influence among agents Detection methods(36,41)

Security gaps Prompt injection, identity Security-by-design(37,38)

Hallucination Model-level, reduced not removed Collaboration and verification(40)

Missing oversight Benchmarks and regulation lag Bounded autonomy and human 
oversight(9,45)

Note: Coordination-specific failure modes are added to the single-model failure modes.

Figure 1. Orchestration and division of labour in a multi-agent system supporting a one-person 
company.

Note: A single founder supervises specialized agents that coordinate through a shared orchestration layer and are gated by oversight.

DISCUSSION

The main finding of this review is that the multi-agent system is a real and rapidly maturing 
technical substrate for the workforce of the one-person company, and that its reliability is 
demonstrated for bounded business functions but not for the open-ended judgment that a 
founder cannot outsource. It was observed that the architecture has standardized on a division of 
labour among specialized agents, that the business functions now performed cover the back office 
of a small firm, and that the failure modes, error propagation, persuasion, collusion, security gaps 
and a missing oversight regime, bound the reliance that a solopreneur can place on the system.
(1,8,9) The finding is therefore conditional, that the workforce exists as a technical substrate and 
does not yet exist as a substitute for judgment. The three results are ordered by their strength, 
with the architecture the most settled, the business function the most demonstrated and the 
failure mode the least governed, and the order of the three is itself the review’s answer to the 
chapter’s question, because a workforce is defined by the third result as much as by the first two.

The finding is concordant with the studies that report the standardization of the architecture 
and the breadth of the business functions. The survey literature agrees that the multi-agent 
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system has moved from a single model to an orchestrated collection of roles, and the enterprise 
literature agrees that the collection performs the bounded functions of a firm, with the same 
division between the bounded and the unbounded appearing in both.(1,7,8) The benchmark 
comparison against robotic process automation agrees that the agent’s advantage is language 
understanding, which is the middle of the back office, and the human-in-the-loop studies agree 
that the human remains the bearer of the exception.(25,32) The multi-robot and logistics literatures 
agree on the architectural claim, because the task allocation, not the individual capability, is the 
binding constraint in every domain where agents coordinate.(15,16) The concordance is strongest 
on the capability and weakest on the oversight, which is the point where the discrepant studies 
enter. The concordance extends to the detail of the architecture, because the surveys, the 
multi-robot literature and the logistics literature each report that the binding constraint is the 
allocation of tasks among agents rather than the capability of any single agent, and this is the 
same constraint that the business literature reports as the integration cost of the agentic system.
(1,15,16) The concordance also extends to the division between the bounded and the unbounded, 
because the enterprise frameworks and the human-in-the-loop studies both place the exception, 
and not the routine, with the human, and the two placements are the same boundary drawn 
twice.(26,32) The standardization evidence is concordant with the same boundary, because the 
roles, memory and messages that the field standardized are the primitives of the bounded task, 
and the unbounded judgment has no primitive, which is why the standardization stops where 
the judgment begins.(1,5)

In contrast, the discrepant studies bound the finding on the margin where the solopreneur’s 
reliance would be greatest. The constraint-based analysis reported that agentic artificial 
intelligence will not fully replace enterprise software in the near term, and the divergence is 
explained by the outcome considered, because the measured cost is the integration and oversight 
cost rather than the task capability, and a founder who replaces a payroll inherits that cost in full.
(46) The benchmark evidence reported that the agent is not uniformly better than robotic process 
automation, and the divergence is explained by the task, because deterministic tasks do not 
reward the agent’s language advantage.(25) The failure-mode evidence reported that collaboration 
itself introduces new failures, and the divergence is explained by the unit, because the single 
model’s errors are compounded by the coordination that the multi-agent system adds.(36,37) Each 
discrepancy is a boundary condition in the terms of this review, and the boundary conditions 
together locate the gap between the substrate and the workforce. The collusion evidence is the 
clearest instance of a discrepancy that is new to the multi-agent setting, because a single model 
cannot collude with itself, and the fact that the multi-agent system introduces this failure means 
that the founder inherits a risk that did not exist in the single-model tool.(41) The persuasion 
evidence is the same point from a different direction, because the failure is not a bad output but 
a bad coordination, and the founder who audits the output rather than the coordination will miss 
it.(36) The two new failure modes are therefore not refinements of the old ones but additions, 
and they are the reason the discrepant studies cannot be dismissed as pessimism. The enterprise 
software point is the same bound stated in economic terms, because the software that the agent 
was supposed to replace is the software that still carries the integration and the audit, and the 
one-person company that hopes to skip that software inherits its cost in a less standardized form.
(46)

The mechanisms that explain the finding are two, one technical and one organizational. 
The technical mechanism is the division of labour itself, because the decomposition of a goal 
into roles and messages is what lets the system scale, and the same decomposition is what lets 
an error propagate, so the architecture and the failure mode share a single mechanism.(1,35) The 
organizational mechanism is the shift of the exception to the founder, because the bounded 
workflow that the agent performs is bounded precisely by the judgment that it defers, and 
the founder who adopts the system inherits the sum of the deferred judgments.(32,45) The two 
mechanisms together explain why the workforce is real at the level of the task and absent at the 
level of the judgment. A third mechanism, the standardization mechanism, explains the rapid 
maturation of the substrate, because the convergence of the field on roles, memory and messages 
lowered the cost of comparing and reusing architectures, and the same standardization that 
accelerated the field is what makes the architecture a plausible foundation for a workforce rather 
than a research artefact.(1,5) The three mechanisms, division, exception and standardization, are 
therefore not alternative explanations but the three parts of a single account, in which the system 
scales because it divides, defers because it is bounded, and matures because it standardizes. The 
three mechanisms also explain the timing of the finding, because the field moved from a single 
model to a multi-agent system only when the primitives became standard enough to reuse, and 
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the one-person company became thinkable only when the primitives became standard enough 
to trust, so the technical and the entrepreneurial claims share a single clock.

The review has limitations that bound the confidence of its conclusion, and each limitation 
carries the recommendation that would overcome it. The synthesis is narrative rather than 
systematic, so relevant work may have been missed, and the recommendation is a systematic 
search with a registered protocol once the construct is indexed consistently. The evidence is 
concentrated in the years 2024 to 2026, so the longitudinal safety and the survival of agent-
supported ventures are unmeasured, and the recommendation is a longitudinal design that 
follows one-person companies over time. The business evidence is reported as frameworks in 
greater number than as measured outcomes, and the recommendation is a benchmark that 
measures the business function against a human baseline rather than against a prior framework.
(34) The oversight evidence is conceptual and benchmark-based rather than operational, and 
the recommendation is an evaluation that follows a deployed system through a real failure.(9) 
Each limitation is a gap in the evidence rather than a gap in the argument, and the conclusion is 
offered as the best current assembly. A further limitation is that the review did not separate the 
benchmark-based evidence from the deployment-based evidence with a formal quality appraisal, 
and the recommendation is a risk-of-bias assessment adapted to the framework and benchmark 
designs that dominate the field. The review also did not search the grey literature of vendor reports, 
and the recommendation is a structured search of that literature once a protocol for its quality 
exists, because the frontier of deployment may currently be reported there rather than in peer-
reviewed venues. The heterogeneity of the field is a further limitation, because the studies span 
benchmarks, frameworks and deployments with no common unit, and the recommendation is 
a common reporting standard for the business function, the failure rate and the oversight cost 
of an agentic system, so that the next synthesis can combine rather than merely juxtapose the 
studies.

The implications are practical for the founder and the regulator. The founder who adopts 
a multi-agent workforce should treat it as a bounded back office with a human in the loop, 
not as a substitute for the judgment, the liability and the oversight that the firm still requires, 
and the regulator who governs the one-person company should require the oversight that the 
technology defers. The recommendation that follows from each limitation is therefore the same, 
to measure what the framework promises against a baseline that a human sets, and to treat the 
workforce as a substrate that the founder must supervise rather than a substitute that the founder 
can trust. The research agenda that follows is specific, to benchmark the business functions 
against a human baseline, to follow a deployed multi-agent system through a real failure, and to 
measure the survival of the one-person companies that adopt the workforce, because the three 
measures together would convert the review’s conditional finding into an estimate. The one-
person company, in the meantime, is best described as a founder who supervises a bounded 
back office of agents rather than as a founder who has been replaced by them. The founder’s 
oversight obligation is therefore not a temporary cost that the technology will soon remove but 
a permanent feature of the architecture, because the division of labour that gives the system its 
power is the same division that leaves the founder with the judgment, the exception and the 
liability, and a workforce that is real at the task and absent at the judgment is a workforce that a 
founder supervises rather than a workforce that a founder is. The distinction between supervising 
and being is the practical core of the chapter, because the one-person company that survives is 
the one that keeps the supervision, and the one that fails is the one that confuses the substrate 
for the substitute. That distinction is the condition under which the workforce claim holds, and it 
is the claim the review set out to delimit.

CONCLUSIONS

Multi-agent artificial intelligence systems have standardized on a division of labour among 
specialized agents and have thereby become a plausible technical substrate for the workforce of 
the one-person company. The business functions that these systems perform are demonstrated 
for bounded workflows, and the open-ended judgment that a founder cannot outsource remains 
the founder’s. The solopreneur who adopts a multi-agent workforce therefore inherits a set of 
oversight, security and liability obligations that the technology does not discharge.
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